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Pl 3 2.43 0.65 0.5 0.33 0.730 9.814 0.657 139 (0100)
P 3 2.43 1.75 0.8 0.33 0.730 13.909 0.657 135 (0100)
P 5-2  1.36 1.20 0.8 0.54 0.811 9.591 1.090 182 (0010)
P4 5.2 1.36 0.85 0.5 0.54 0.811 9.943 1.090 160 (0010)
Ps 19 2.7 1.20 0.9 0.24 0.502 13.305 1.535 341 (1000)
P6 19 2.7 1.55 0.5 0.24 0.502 14,982 1.535 212 (1000)
P7 19 2.7 0.84 0.9 0.24 0.502 11.278 1.535 232 (1000)
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ng‘ P8 0.9841 0.0646 —-0.0438 0.0498 (100 0)
PO ~0.0034 1.0042 —-0.0083 0.0258 (010 0)
10 PI0 —0.0127 0.9877 0.0115 0.0238 (010 0)
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P2 0.0020 0.0011 0.0040 1.0321 (000 1)
3 BP P13 —0.0004 0.0036 -0.0033 0.9884 (000 1)
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Predetermination of coal and gas outburst based on BP neural network

LIU Yong JIANG Cheng—yu

( Institute of Mining Technology Guizhou University Guiyang:550003 China)

Abstract. Combining the theory and methods of BP neural network, “as well as the actual situation of one mine in
Guizhou Province build a mathematical model which could, forecast coal and gas outburst. The results show that
the predetermination tally with facts this method is of significance in its application.
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e e e e e e = e e e ) e N N

Design and application of boiler firing RDF RPF and waste wood

LI Rong REN Yuan

( Weiming Environment Protection Equipment Co. Lid. Shanghai 200063 China)

Abstract: According to the chemical properties of RDF RPF and waste wood  the design method is based on the
connection of vertical structure with four—return and firing—grate. The structure of boiler and combustion characteris—
tics of the fuel are introduced which could guide the practical application of this type boiler.

Key words: RDF; RPF; waste wood; gratefired boiler; four—eturn vertical boiler





