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Abstract: In order to improve prediction accuracy based on experimental data of coal slurrying BP neural network model with three input

factors was set up for slurry concentration prediction. The BP neural networks” algorithm was Levenberg—Marquardt algorithm. The input

data was treated in order to get accurate results. The A, HGI O input factors neural network model’s mean absolute errors was 0. 63%

the M,

ad

« HGI O model’s mean absolute error was 0. 60% and the M, HGI O/C model’s mean absolute error was 0.40% but the exist re—

gression model’s mean absolute error was 1. 15% so the neural network models were effective in predicting the slurrying and the M,

HGI O/C model was the best among the three prediction models.
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Fig. 1 Neural network model with three input factors

for coal slurrying prediction
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Table 1 Maximum and minimum of the input and target data
M,y !% Ayl % Vgar ! % HGI w( C,y) /% w(0y) /% 0/C 1% 1%
Data 17.73 34.75 43.77 120.0 92.61 20.3 28.56 74.90
Data,,, 0.60 2.34 9.10 30. 00 61.44 1.83 1.98 52.30
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Fig. 3 Prediction of coal slurrying based on neural network Fig.5 Prediction of coal slurrying based on a regression
model with 3 input factors of M, HGI and O equation
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